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Healthcare quality improvement:
TEN KEY FACTORS

c A P I T A https://www.opencityinc.com/cultural-change-driver-outcomes/#.WTESymjyviU



Quality

ImprOVIng quallty Is about improvement
maklng health care Safe’ made simple

What everyone

effective, patient-centred, should know about

healthcare quality

timely, efficient and equitable. hnprovertien

The
Ok
Foundation

C A P I TA http://www.health.org.uk/publication/quality-improvement-made-simple



Why is triage important in quality?

Triage is a driver for clinical governance ~ safe
Triage has a large-scale impact on patient health ~ effective
Triage ensures right patient, right place, right time ~ patient-centred / timely

Triage manages services ~ efficient / equitable

Improving quality is about making health care
safe, effective, patient-centred, timely, efficient

and equitable.
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« Qver 100 million safe, efficient clinical interactions

« 320 million people protected globally using TeleGuides and WebGuides
every day
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The future:

0.55 B
0.50 ayes
0.45 non-linear

0.40 machine Iearning

0.35

0.30 clinician and patient centric

P(x)

0.25

0.20

0.15

0.10

0.05

0.00

CAPITA Healthcare Decisions



Bayesian theory / networks

 Boolean — Information that is either true or false is known as Boolean logic

« Bayesian — Bayesian theory is a branch of mathematical theory that allows
uncertainty modelling

« Algorithm — process or set of rules to be followed in calculations or
problem solving operations
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TeleGuides and uncertainty

‘N/U’ = No / Unsure

‘YIU’ = Yes / Unsure

8. Toddler Heat
Cramps
[1151]
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Triage, Machine Learning, and Bayes

This ehieat shest helps you choose the best haurs Madhine Leaming studia

Microsoft Azure Machine Learning: Algorithm Cheat Sheet  sserumiryou pecive sayscs oo vou csion s eveny

the nature of your data and the questian you're trying to answer.

AMNOMALY DETECTION CLUSTERING MULTI-CLASS CLASSIFICATION

=100 features,

One-class SYM ' ;
aggressive boundary

= Fast training. linear model Multiclass logistic regression

PCA-based anomaly detection ~— Fast training —— Accuracy, long training times ——= Multiclass neural network

Discovering
structure
Finding unusual

data points

Two-class Bayes point
machine learning

Accuracy, fast training = Multiclass decision forest

REGRESSION

|— Accuracy, small memory footprint— Multiclass decision jungle
Predicting

Ordinal regression +—— [iata in rank ordered categories —
caEtegorias

Depelnﬁs on the two-class One-v-all multiclass
classifier, sea notes below
Poisson regression Pradicting event counts =
Pradicting values
Fast forest quantile regression ——— Predicti distribisti

. e bl vl TWO-CLASS CLASSIFICATION

Linear regression Fast training, linear model —— — f:;i:ﬁ;yng s Two-clpZs decision forest
o+ 100 features, Accuracy,

Two-class 5V
linear modal fast training,

. & 3 H I I —_ — s 15
Bayesian linear regression +=———Linear madel, small data sets—— arge mamzry Two-class boosted decision tree

Fast training, L
Two-class averaged perceptron ~— A Accuracy,
Neural network regression e AgCUTACY, DNG TrAINING Time s— = small memory —— Two-class decision jungle
footprint
_ Fast training,

linear moZel
Decision forest regression =———— Apcuracy, fast training — =100 features — Two-class locally deep SVM

Two-class logistic regression =

Two-class Bayes point machine - — 'rgs't il
Accuracy, fast training, linear model | Acruracy, long
large memaory footprint training times

Boosted decision tree regression  ——— = Two-class neural network
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Patient-centricity

When, where,
how?

L 4
v

Foot symptoms? MSK symptoms?

When, where,

v
L 4

Chest symptoms? Neuro symptoms?

how? \/
ABC symptoms?
Foot symptoms? Chest symptoms? Neuro symptoms?
Wh h
MSK symptoms? €n, where, ABC symptoms?
how?
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II Call handler-centricity

Information
support

O

Experience /
knowledge
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Improving quality is
about making health
care safe, effective,
patient-centred,
timely, efficient and

equitable.
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